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Goals: ¢ Mining the clusters of Logging and Bookkeeping (L&B) files recorded by grid broker from EGEE (Enabling Grid for E-Science in Europe)
e Specify failure modes of the submitted jobs (about 70% jobs failed for various reasons)
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Conclusions: Perspectives:
> Re-description the data » next: Modelling the behaviours of grid system
» sampling the data by two different protocols removes the heterogeneity > further: Self-healing (detect, diagnose and repair problems) grid

* learn new features and get two new representations
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